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Abstract : In the tourism field, Social Network Service (SNS) data is valuable as a major source in
grasping the image that users feel about tourist destinations. As the importance of SNS data in the tourism
field is emerging, a number of studies have been conducted to identify major destinations or to analyze
images and emotions of tourist destinations using text information posted on SNS. However, a few
researches have been performed to analyze the content of photos posted on SNS. This study aims to
analyze the characteristics of tourists and residents’ tourism activities by analyzing photos posted on

Flickr, a photo-sharing SNS. In this study, after crawling 147,669 photos posted in the Seoul area from
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2013 to 2018, Flickr users were classified as tourists and residents. And then photos were classitied using

a Convolutional Neural Networks(CNN) model trained in accordance with the photo classification system

for the purpose of tourism. As a result of photo classification, it was confirmed that there are differences

in major places to visit and preferred tourism activities between tourists and residents. Tourists' region

of attractions(ROA) were concentrated in the city center, but residents' ROAs were expanded to the

Gangnam area in addition to the city center and showed a more dispersed form, It was found that tourists

enjoyed street food in Myeong-dong, Insa-dong, DDP, etc. shopping in traditional markets such as

Gwangjang Market and Namdaemun Market, experiencing traditional hanbok in Gyeongbokgung Palace

and Namdaemun Market, changing of the guards’ ceremony in City Hall, trick art in Thwa Mural Village

and Hongdae while residents visited a lot more various places than tourists in the 'Cityscape' and 'Food

& Restaurant' categories. This study has significance in that it is the first approach to analyze the tourism

activities of tourists and residents with the photos posed on Location-based Social Network Service. In

addition, this study is meaningful in that it showed a method of analyzing photo data of a location-based

social network by applying a deep learning model in view of academics and it proposed how SNS image

data can be used for tourism marketing by classifying a large volume of data quickly and systematically

in view of practices.

Key Words : Flickr, Location Based Social Network Service(LBSN), Deep learning, Convolutional

Neural Networks, Artificial Intelligence, Tourism
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